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/A.l. TIMELINE

1950

Computer scientist
an Turing prop
for machine
intellig
machine can trick
humans into thinking it
is human, then it has

intelligence

consumer robot pet dog
AIBO (Al robot) with

rsonality

1955

Term ‘antificial
intelligence' is coined
by computer scientist
John McCarthy to
describe “the science
and engineering of
making intelligent

machines”

2002

First mass produced

autonomous robotic
vacuum cleaner from
iRobot learns to navigate

and clean hom

A =¥ 4

1961

First industrial robot

Unimate, goes to work

at GM replacing

humans on the

assembly line

2011

Apple integrates Siri

an intellige

ass

tvirtual

ant with a voice

interface, into the

iPhone 45

1964

Pioneering chatbot
developed by Joseph
Weizenbaum at MIT

s conversations

with humans

2011

IBM's question

answering compute

Watson wins first plac
pular $1M prize
ion quiz show

Jeopardy

1966

The ‘first electronic
person’ from Stanford,
Shakey is a general
purpose mobile robot
that reasons about

wh actions

2014

Turing Tes!
of judges beliey

igene is human

A.l
WINTER

Many and
dead-ends leave Al out

n the cold

2014

Amazon launches Alexa,
an intelligent virtua
assistant with a voice
interface that completes

shopping tasks

L |

£l 4
W

1997

Deep Blue, a ch

playing computer from
VI defeats world chess

champion Garry

Kasparov

2016

Microsoft’s chatbot Tay
goes rogue on social
media making
inflammatory and
offensive racist

comments

1998

Cynthia Breazeal at MIT
introduce Smet, an
emotionally intelligent
robot insofar as it

detects and responds

to people’s fee

2017
Google’s A.l. AlphaGe
beats world champion
Ke Jie in the complex
board ga of Go
table for its
number (2'79) of

possible positions
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Artificial General Intelligence (AGI)
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Weak Al

Focused

Can do 1 task

Unconscious

Not self-aware

Examples

Siri, Alexa, Cortona




Strong Al/ AGI

Flexible

Can do many tasks

Conscious

Can have consciousness

Examples

None: No algorithm yet



NANTINNDIAG

@ Bo End Chat

Hi there, I'm here to help © X

| can understand better if you keep
your question short and sweet.

Otherwise, select a category in the
carousel below:




%AVDY Al (Type of Artificial Intelligence)

wudaantdn 3 sub field lein

6

1) unnilsz@eg (Artificial Intelligence)

o9

2) ﬂ’]iﬁ'&luj“nmm%aa (Machine learning)

3) ﬂ’]iL%‘El%fL%ﬁﬁﬂ (Deep Learning)
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Machine Learning
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Deep Learning

Deep Learning (DL) Deep Learning h “’Jﬁmimﬂ%mmﬂm‘vmdﬂ
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Artificial Neuron vs. Neuron
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Machine Learning

& — &y — 237 [l

Feature extraction Classification Output

Deep Learning

Input Feature extraction + Classification
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Input Computer +
Programs

Output

misiSeuduavLASaY (Machine Learning)
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AIWLINTIIUUIVBILATEY (Machine

Meaningful
Compression

Structure Image

i - Customer Retention
Discovery Classification

Big data Dimensionality Feature Idenity Fraud

isualistai . Classification Diagnostics
Visualistaion Reduction Elicitation Detection g

Advertising Popularity
Prediction

Learning Learning Weather

Forecasting
*
M ac h I n e Population

Growth
Prediction

Recommender Unsupervised Supervised

Systems

Clustering
Targetted
Marketing

Market
Forecasting

Customer

Segmentation Lea rn i ng

Estimating
life expectancy

Real-time decisions

Reinforcement
Learning
Robot Navigation Skill Acquisition

Learning Tasks

Learning)




* Supervised Learning msiSsusuuuidasu

» Semi-supervised Learning Msi3gudnviiasu

* Unsupervised Learning ~ msiSgusuuuludnaau

* Reinforcement Learning  MSIS&USAd8NISUS:UDaWasIVIa

7™ Input

Supervised Learning => @ = m

(3ayansApUadIVHINUAD

(Labeled Data) Computer + Machine Learning
, Programs r'ﬂd'ﬁaqawﬁ'\fﬁ ]
Unsupervised Learning a a'mﬁu
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(Unlabeled Data) O

%°



AIUWLINTLIUIVDILATES (Machine Learning)

® n5LFEUTWLLNEARU (Supervised leaming)

1
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% aR ¥ dl 1 v Y o dl = = =
- AANDIDNATINWINTUNL BNISUINIDNALIMNMUNINABNNIT YT ﬂq?L?ﬂuﬁﬂﬂN data NNdau

® nsiFausuuuliiidaaun (Unsupervised learning)

— danasonainluaaangadayadi vie Gauilaaliil data aaw
® ﬂﬁﬁL?ﬂugLLUULa?uﬁﬁﬁﬂ (Reinforcement learning)
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® N15138UIEN5L38U (Learning to learn, Meta-learning)
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N1SLFAUSLLLNEARY (Supervised learning)

. miﬁﬂuj’uuuﬁ@aau
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Input
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Programs

Machine Learnin
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Programs
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Machine Learing with Al

® Machine Learning Un@aznansnanisidfuuudadlussuunuaasnisyingau
“ e ea . . dd o
FUNWDNUY Artificial Intelligent (Al) LDW3INBNLNLIVRIND

® Recognition N3IU3UAZIIN

® Diagnose mAiaaslse

® Planning NG

® Robot control MINILANAUIUA

® Prediction NIINWEY
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loT vs Al

Comparison Chart

loT is a network of interrelat-
ed computing devices con-
nected to the Internet.

The purpose is to allow
objects to send and receive
data over the Internet with
minimal or no human
intervention.

loT won't work without Al.

Applications include fithess
trackers, health monitoring
devices, factory digitization,
smart wearables, smart
parking, water monitoring,
etc.

Al is an area of computer
science to create machines
to do intelligent things.

The purpose is to simulate
human behavior and
intelligence in machines to
make them act in a more
humane way.

Al is not dependable on |oT.

Applications of Al include
machine learning,
reasoning, natural language
processing, robotics, speech
recognition, machine vision,
and more.

Biﬁerence
efween.net

Cloud

Parallel Processing Simulation
. Modeling

™ Edge Computing

Statistics

Machine Learning
N\ High Performance
T i Computing

‘Soﬂ:ware‘@ scala Distributed Computing

| Enterprise Visualization

Deep Learning

Neural Networks

Reinforcement Learning & Workflow
Decision Trees and Rpd J Data Analytics
Forests /' Reliability
Operational Procedures

First Principles
Modeling

Decades of

Experience

Plant Safety

Operational Process
Understanding pe

Knowledge
Deep Industry Know-how

The Convergence of IT-OT-Al: Democratizing and Embedding Al
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